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Why BackPACK?
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...and the with

load mnist data()
extend(Linear (784, 10))

lossfunc = extend(CrossEntropyLoss())

Get the

load mnist data()
Linear (784, 10)

lossfunc = CrossEntropyLoss()

loss lossfunc(model (X), y) loss lossfunc(model(X), y)

with backpack(Variance()):

loss.backward() loss.backward ()

for param in model.parameters(): for param in model.parameters():

print (param.grad) print (param.grad)

print (param.var)

github.com/f-dangel/backpack

Internals & Assumptions .and
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